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1. INTRODUCTION

Sound 
Localization

- Navigate our environment
- Communicate
- Respond to potential threats

Vision

Hearing

Correspondence

Fundamental aspect of 
human perception



1. INTRODUCTION
Model based correspondences between visual features and 
audio features
Used Contrastive Learning to localize objects aligning visual 
and audio representations

Hershey and Movellan [1], Fisher et 
al. [2] and Kidron et al. [3] 
Arandjelovic and Zisserman 
[4] Senocak et al. [5] and Hu 
et al. [6]
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3. DEMO
Upload image and audio file

Select pair of
image audio from
the ones provided

Select 𝛼 value:
𝑆!"#
$% = 𝛼 · 𝑆"#&!'

$% + 1 − 𝛼 · 𝑆()#
$%

Run the demo
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4. EXPERIMENTS
1. Impact of 𝛼
2. Easy cases
3. Difficulties on Visual Sound Localization

3.1     Mixture of sounds
3.2     Small objects
3.3     Silent objects
3.4     Off-screen sounds
3.5     Different objects of the same type
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Impact of 𝜶

Input SLAVC
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OGL
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4. EXPERIMENTS
Input SLAVC OGL VSL

Difficult cases:
5. Different objects of the 
same type
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5. PROPOSED IMPROVEMENTS

Good results on many cases

Mixture of sounds

Different objects of the same type

Small objects

Silent objects

Off-screen sounds

1. Image Videos         Learn motion cues

2. Audio and Visual prototypes used to define proper
filters to be applied in the localization map (Liu et 
al. [8]
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